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1 @EIESPT

1 2 3 Remove
Data Scrap Plain Text Whitespace

4-1 4-2
Remove Remove
Punctuation Number

5 6 7
Remove Document

Stopword Stemming Term Matrix

8 9
Remove

Sparse Term

Text Analysis
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R - Text Mining

€9 file:// /Library/Frameworks/R.framewor}

library(tm) =
> I ra ry 26-FEB-1987 17:00:56.04 crude usa Y f0119 reute u f BC-DIAMOND-

SHAMROCK-(DIA 02-26 0097 DIAMOND SHAMROCK (DIA) CUTS
> d a ta (C ru d e) RUDE PRICES NEW YORK,, FEB 26 - Diamond Shamrock Corp said
that effective today it had cut its contract prices for crude oil by 1.50 dlrs a
° arrel. The reduction brings its posted price for West Texas Intermediate to
> I n S p e Ct(c ru d e [ 1 ] ) 16.00 dlrs a barrel, the copany said. "The price reduction today was made in
the light of falling oil product prices and a weak crude oil market," a
ompany spokeswoman said. Diamond is the latest in a line of U.S. oil

mamn d S h a m roc k C o rp Sa I d th at cmpanics thgt have cut its contract, or posted, prices over the last two days

iting weak oil markets. Reuter

~ The rgduction brings its posted price for West Texas

rfediate to 16.00 dlirs a barrel, the-copany said.
"The price reduction today was mdde in thelight of falling
oil product prices and a weak crudepil market}' a company

spokeswoman said. __

Diamond is the latest in a line of U.S™s#¢0Ompanies that
have cut its contract, or posted, prices over the last two days
citing weak oil markets.

Reuter
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R - Text Mining

> crude <- tm_map(crude, removePunctuatlon)
> inspect(crude[1]) |
Dfamond Shamrock Corp s 'd that
' itsicontract prices for crude oil by

The reduction brings its post Ice for West Texas
iediate to 1600 dIrs a barrel the copany said

The price reduction today was marde in the light of falling
oil product prices and a weak crude oil market'a company
spokeswoman said __

Diamond is the latest in a line of US GiteGmpanies that
have cut its contract or posted prices over the last two days
citing weak oil markets
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R - Text Mining

> crude <-tm map(crude function(x) removeWords(x,stopwords()))
> inspect(crude[1]) T,
Diamond Shamrock Coy/p
effective cut contract prices cr
150 dIrs barrel __
The reduction brings p price West Texas
Intermediate 1600 dlrs barrel copany

The price reduction light falling
oil product prices weak crude oil market company
spokeswoman
Diamond line US oil companies
cut contract posted prices days
citing weak oil markets
E
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R - Text Mining
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> tdm <{- TermDocumentMatrix(crude)
> inspect(tdm[100:105,10:15])
A term-document matrix (6 terms, 6 documents)

Non-/sparse entries: 4/32

Sparsity : 89%

Maximal term length: 11

Weighting : term frequency (tf)

1 00100O0
0 00O0O00O
ent 0 0 0 0 OO
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R - Text Mining

> m <- as.matrix(tdm)
> v - sort(rowSums(m),decreasing=TRUE)

> d <- data.frame(word = names(v),freq=v)
> wordcloud(d$word,d$freq,c(8,.3),2)
> wordcloud(d$word,d$freq,c(8,.5),2, FALSE,.1)

minimum frequency=2 minimum frequency=5
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American Customer Satisfaction Index

ACsl ¥

,/ The American Customer Satisfaction Index™

Print

Scores By Industry

Hotels
Previous | First
BaS¢: 95 96 |97 |98 99 |00 01 |02 (03 04 |05 06 07 08|0g|10(11 YEAL | YeAr
- Change | Ghange
Hilton 75 75 |75 | V5 |72 | T4 |77 | T4 |76 | T4 |77 |76 | 7B | 76 |78 79 | 80|80 00 6.7
Starwood NM |NM | NM NM | NM | NM | 73 |71 |60 |73 |73 |75 |75 |76 |74 |74 |77 |79 26 B2
Marriott B0 76 | 77 | V6 |76 |77 | T4 |77 |76 | TG |76 |76 |75 |79 | VB TV |80 |79 -1.3 -1.3
Hotels 75 73 |72 |71 |71 (T2 (T2 |71 |71 |73 |72 |73 (75 |71 |75 |75 |75 |77 27 27
Hyatt 76 |77 |77 |75 |73 |74 | F3 |75 |77 |74 |74 |75 | 7T |78 |74 | 7O |TT -2.5 13
All Others NM (73 |71 |71 |70 |71 |72 |70 |70 (72 |71 |73 |76 |70 |76 |76 |74 |77 4.1 5.5
InterContinental NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | 74 |75 |78 | 76 -2.6 27
Best Western 74 70 | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM |70 75|76 | 76 0.0 27
Choice NM | NM | NM | NM| NM| NM| NM| NM | NM|NM| NM| NM NM| NM| 71|76 | 74|74 00 42
Wyndham NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | NM | 70 |70 |70 |73 4.3 4.3
Holiday Inn 69 69 |NM | NM 69 68 |71 |71 |69 |72 |73 |69 |72 |72 | # NIA NIA
Promus Hotel B2z | BO | B3 |77 |TB|TO| ® NIA NIA
Ramada 70 69 | 70 | 64 |67 67 |69 |66 |67 | TO |67 |66 | 7O | 69 | # NIA NIA

Score tables print best in landscape.

Legend
NA  Not available

# Company merger
T Company defunct
MM Not measured

* Industry aggregated
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X positive / Negative Word

[Positive Words] [Negative Words]

2-faced
2-faces
abnormal
abolish
abominable
abominably
abominate
abomination
abort

a+
abound
abounds
abundance
abundant
accessable
accessible
acclaim
acclaimed
acclamation
accolade
accolades
accommodative
accomodative
accomplish
accomplished

aborted
aborts
abrade
abrasive
abrupt
abruptly
abscond
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BEK R - Sentiment Analysis

> library(twitteR)
> hilton.tweets <- searchTwitter("@hilton",n=1500,cainfo=°‘cacert.pem’)

> hilton.text <- laply(hilton.tweets, function(t)t$getText())

> pos.word=scan("positive-words.txt" what="character",comment.char=";")
> neg.word=scan("negative-words.txt" what="character",comment.char=";")
> hilton.scores=score.sentiment(hilton.text,pos.words,neg.words, .progress="text")

> hist(hilton.scores$score)
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B3 R - Text Mining

> findFregTerms(mydata.dtm, lowfreq=30)

> findAssocs(mydata.dtm, 'fetus’, 0.20)

> mydata.dtm2 <- removeSparseTerms(mydata.dtm,
sparse=0.95)

> mydata.df <- as.data.frame(inspect(mydata.dtm?2))
> nrow(mydata.df)

> ncol(mydata.df)

Cluster Dendrogram
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> mydata.df.scale <- scale(mydata.df)

> d <- dist(mydata.df.scale, method = "euclidean") # distance
matrix [
> fit <- hclust(d, method="ward") 7 |B
> plot(fit) E L
> groups <- cutree(fit, k=5) # cut tree into 5 clusters

> rect.hclust(fit, k=5, border="red") it v
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Text Mining & Clustering for KMS
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% Conventional KMS is not flexible

% Document categorization need to improved
% Hard to find proper information

% Redundant analysis should be decreased
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R - Text Mining & Clustering
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BEX R - Text Mining & Clustering
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uster 1:
uster 2:
uster 3:
uster 4:
uster 5:
uster 6:

data database enterprise
data analytics language

accenture business value
language nlp evaluation
level date values

customer solution business
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